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Abstract: Now-a-days women are experiencing lots of violence
such as harassment in places in several cities. This starts from
stalking which then leads to abusive harassment or also called
abuse assault. This research paper basically focuses on the role of
social media in promoting the safety of women in several cities
with special reference to the role of social media websites and
applications including Twitter platform Facebook and Instagram.
Tweets on Twitter which typically contains pictures and text and
furthermore composed messages and statements which centres
around the security of ladies in different urban areas can be
utilized to peruse a message among the Youth Culture and instruct
individuals to make exacting move and rebuff the individuals to
make exacting moves and rebuff the individuals who disturb the
ladies. Applying various machine learning algorithms on tweets,
and performing analysis on them to classify them into neutral,
negative, and positive can help us improve the situation.
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1. Introduction

Twitter in this modern era has emerged as a ultimate
microblogging social network consisting over hundred million
users and generate over five hundred million messages known
as ‘Tweets’ every day. Sentiment analysis can be performed
over a variety of tweets to perform analysis, a variety of topics
such as product evaluations, movie reviews, and so on can be
understood better using machine learning. On the twitter, users
will share their opinions and perspective in the tweets section.
This tweet can only contain 140 characters, thus making the
users to compact their messages with the help of abbreviations,
slang, shot forms, emoticons, etc. The goal here is to use various
machine learning algorithms to analyse the tweets and classify
them into positive, neutral and negative. From the analysis of
tweets text collection obtained by the twitter, it includes names
of people who has harassed the women and also names of
women or innocent people who have stood against such violent
acts or unethical behaviour of men and thus making them
uncomfortable to walk freely in public. The data set of the tweet
will be used to process the machine learning algorithms and
models. This algorithm will perform smoothening the tweet
data by eliminating zero values.

Classifying the tweets will help us understand the opinion of
public regarding various issues. Women'’s safety is arising issue
all over the world. Twitter is a great platform that can provide
suitable data for us to analyse the safety levels and the steps
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being taken to increase the safety levels of women. Performing
a twitter sentiment analysis on tweets of tweets related to
women can help us understand the society in which we all are
living. This understanding can further help us improve the
environment for the women of our world. The tweets that are
extracted from twitter can contain several words and text which
is not related to the content and context that we seek. Twitter is
a platform where people express their feeling in single lines and
emojis. The tweets directly obtained from twitter cannot be
used directly since they are considered as noisy data. While
performing analysis not only emojis but also hashtags and white
spaces should be removed to get better accuracy in the results.
The various punctuations that are used should be removed to
make the data nose-free.

2. Sentiment Analysis

Sentiment analysis is the process of extracting the sentiment
behind any sentence or statement. It can be called as a
classification technique which is used to obtain the opinion
from the tweet.

This opinion is useful in formulating a sentiment which can
further be used for achieving sentiment classification. The
dimension of the sentiment class is an important factor in order
to decide the accuracy or efficiency of an algorithm. For
instance, there can be three class sentimental classification-
positive, negative, neutral.

A. Analysis of Sentiment Data
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The process of obtaining the sentiments of tweets include
five steps:
1) Data Extraction

First step involved in analysis of sentiment is the collection
of information from the social network website like twitter.
This helps in extracting the tweet message but this message also
includes extra data like tweets likes, dislikes and comments.
2) Text Cleaning

Once the data is extracted from the twitter source as the
datasets, this information has to be passed to the classifier. The
classifier cleans the dataset by removing redundant data like
stop words, emoticons in order to make sure that non textual
content is identified and removed before the analysis.
3) Sentiment Analysis

After the classifier cleans the dataset, the data is ready for the
sentimental analysis process. Machine learning and Lexicon
based learning and Hybrid learning are some of the approaches
of sentimental analysis. There are also some other approaches
such as Nero Linguistic Programming and Natural Language
Processing. Training the dataset and then testing that trained
dataset involves in machine learning approach. Training data
and Testing data are useful for the classifier to perform the
algorithm. Maximum Entropy, Naives Bayes classification,
Bayesian Networks and Network Support Vector Machine are
some of the Algorithm which can be used to train the classifier.
Testing data is used to identify the efficiency of the sentiment
classifier. In case of Lexicon based leaning, training dataset is
not used. This approach uses a built-in dictionary in which
words associated with sentiments of human are present. The
third approach, which is the Hybrid learning, combines both
machine leaning approach and lexicon learning approach in
order to improve the performance of classifier.
4) Sentiment Classification

At this step, the dataset is ready for the classification. Each
and every sentence of the tweet will be examined and opinion
will be formed accordingly for subjectivity. Subjective
expression sentences are retained and those of objective
expression sentences are rejected. Techniques like Unigrams,
Negation, Lemmas and so on are used at different levels of
sentimental analysis. Sentiments can be distinguished broadly
into two groups — Positive and Negative. At this point of
sentimental analysis, each of the subjective sentences which
will be retained are classified into good, bad or like, dislike or
positive and negative.
5) Output Representation

To generate useful and meaningful information out of the raw
data, sentimental analysis plays vital role. Once the algorithm
is completed, the outcome of the analysis can be visualized by
creating different types of graphs. Bar graphs, Time series and
Pie charts are some of the examples which can be used to
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display the output. To measure the sentiment of the tweets in
terms of Positive and Negative, Bar graphs can be used.
Similarly, to measure in terms of likes, dislikes, average length
of tweet for a certain period, Time series can be used. To obtain
the initial source of the tweet, pie charts can be used.

3. Conclusion and Future Work

Machine learning algorithm has been discussed throughout
the project. For the twitter data that includes a huge number of
tweets and messages consistently, Machine Learning
algorithms helps to organize and perform analysis. SVM,
Random Forest, NB and Logistic Regression are some of the
algorithms which are effective in analysing the large data that
provide categorization and convert into meaningful datasets.
Hence, we can perform machine learning algorithms to achieve
sentimental analysis and bring more safety to women by
spreading the awareness.

For the future enhancement, these machine learning
algorithms can be reached out to be utilized on various virtual
entertainment platforms, for example, Facebook and Instagram
additionally since in our project only twitter is considered.
Present ideology which is proposed can be integrated with the
twitter application interface to reach larger extent and apply
sentimental analysis on millions of tweets to provide more

safety.
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